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Demand Analysis

Background
Modern businesses increasingly rely on cross-functional and multilingual

collaboration, especially with remote or hybrid work models. Traditional manual
methods for documenting meetings are inefficient. Growing globalization and

dispersed teams amplify communication gaps, creating demand for streamlined,

automated solutions to enhance productivity and inclusivity. w
Current Situation - l—” '

Manual transcription and summarization consume excessive time, introduce , P : X

\\

4

n

inaccuracies, and delay actionable follow-ups. Inconsistent documentation leads to

misalignment, while language barriers hinder real-time collaboration. Disjointed

tools fragment workflows, reducing efficiency and clarity in decision-making.

Cejell
Automate transcription and summarization to minimize manual effort, accelerate
deliverables, and improve accuracy. Enable real-time multilingual translation to
foster inclusive collaboration. Integrate Al tools with existing platforms to
centralize data, enhance accessibility, and empower teams with timely,

actionable insights.
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Meeting Knowledge Q&A

Automatically transcribes video meetings into searchable, well-organized, and translatable

structured transcripts, supporting historical review and knowledge Q&A based on meeting minutes. g\
Features smart meeting summaries that auto-generate minutes and action items, enhancing review m“/ Task Extraction from
efficiency and collaboration. How to Efficiently Process (€ Meeting Summaries

How to Quickly Extract Incremental Updates?
Archived Information?

Automated Minutes Action Item Extraction from Content
Knowledge Q&A Based | Gtone o Generation from Task Compilation by Meeting Agend
on Historical Meetings Meeting Recordings Follow-up Management for Ag#

Meeting Audio Transcription &

. Recognition
Seamless Platform Integration . .
o Summary & Key Points Extraction
Capabilities _ . . ‘
o o Automatic Meeting eneration
Participant Permission Management

Al-Powered Historical Meeting Q&A

[ H95.doex

(@ H96.docx

[B HA Meeting with Deepexi 2024-10-31.pptx

HA Meeting with Deepexi 2024-10-31_20241108024021.do...
HA Meeting with Deepexi 2024-10-31_20241108024021.pdf
HAB-M5.pdf

HAB-M35_Chi.pdf

BHE-TFTHERELTRE+—=

MR =N E

HAB-M36.pdf
HAB-M36 Chi.pdf Q
[} Sample Notes of 105th Department Meeting.doex KTob - e

p pa ng 7 EID W ESVE



computermm .
m mtechnologies

Technological Framework

Meeting System FASTAGI PLATFORM

Smart Application

Obtain user
Emeeting list

Retrieve meeting
knowledge based on v
user permissions

Corpus Engineerin RAG Console
Full Load Batch Data :
|> Hybrid Rerank Model

User Role
Management Management

Processing Off-line Annotation Search Service
Y N i v

Document o
—_— u Data Data EEEN Corpus Vector Answer Permission Document

Incremental Load|__YpPload Cleaning Slicing Storage Search Search generation || Management || Security Levels
API Interface

Model Unified Gateway (One API)

Enterprise-Grade Multimodal Large Models
Page Layout Analysis Model OCR Model Table Recognition Model Formula Recognition Model Embedding Model

DEEPEXI-LLM Commercial Model Services (ChatGPT etc.)

Computing Power Platforms

DEEPEXI Inference Services OpenAl API Service vLLM Framework MindIE

Azure Cloud Computing Power Fast5000E (NVIDIA GPU/HUAWEI NPU)
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Communication & Collaboration

] Users use smart applications

Step
2

Q

Collaboration
Assistant

File Knowledge

Management Management :
Translation

Document
Fragmentation

Searching

Picture
Recognition

Q)
®

>

—
—
<
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Meeting

; Task
Information Embedding Model

allocation

Step 1: Knowledge base construction Step 2: Smart Q&A
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Meeting Knowledge processing & retrieval process

Based on Retrieval-Augmented Generation, a vectorized knowledge base is constructed. Through multi-path mixed retrieval results,
the LLM is guided to generate answers that better align with the user's intentions, addressing issues such as insufficient knowledge

update of the model, unexplainable answers, and lack of traceability.

User Terminal Technology Deepexi-FastAGl
Development Segmentation

Meeting Sample I Sharding & Data
Preprocessing Tagging Vectorization

v

ﬁ

Hybrid Search

Hybrid

= Fuzzy Recall

. Question Prompt

knowledge Query

Large Model Development Tool LLMOps
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Construct a knowledge base of meeting minutes

| = Cleaning / Slicing & Annotation & 1o index/
PPT Extractiw Processiig Vectorlzatloln 4= StorageI
LI}

. Vector
Various types of Text ET;?%%Q%SO]C Database
documents blocks

Offline Initialization

Extraction
Batch Batch Batch
—> J

Vectorization Parse and extract content from unstructured documents

Existing »  Document type: Support Word, PDF, etc..
Meeting

Mt »  Extract content: support layout, text, table, icon, picture,
inutes
> formula, etc

Section
Document Document Document )
Parsing Section Vectorization

Splitting, so that the slice content maintains semantic integrity

>  Split mode: Support by paragraph
document
hard

. Vectorization
Online
Operation

The vectorized knowledge is fragmented, stored in the
) Slicing Vectorization vector database.

Incremental »  Processing mode: Support stream, batch processing
Meeting Minutes
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Optimize recall accuracy based on hybrid retrieval

By combining keyword search (BM25), semantic vector search, Q&A pair retrieval and other technologies, the retrieval

weight is dynamically adjusted and the retrieval results are merged, and the retrieval performance is improved at multiple

levels of accuracy, response time and resource efficiency, so as to significantly improve the query experience and efficiency.

Extracting
keywords

Vector library
(Regular sharding)

Vector library
(Q&A sharding)
Q does Embedding

Full-text Search
Library (ES)
Normal sharding
/Q&A sharding
(Keyword indexing)

Graph database
Knowledge graph

Semantic
search results

Q&A section
search results

Key words
search results

KG
search results

Sorting algorithm
(Strategy configurable)

The reranking
results are sorted
by:

1. Similarity

2. Weight (using
RRF/MMR
Ellelelgitalng))

and then the top-K
are selected.

Mixed search
results

context

Agent/LLM

Generate

Answer
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Demo Show




Demo |Chatbot for Meeting Q&A

REMESEERSREETRENEWREN

()

REMEREERSREGTRENZE2024F3821HNEERARN L.

MEREERSREATRITA?

@

BESEERSHREATRE—MEIFENRAIE, BURNMESRHTREEBERBARA
BET A% RESREE BN RSEPLER LAFMEEAR, AREEETR
K, RAEEEKPLUHRFAEMEARR, SEELEEHNEXRIERBASE. REEREFX
FRETEATE, RMAGEFTURERXZEENMEERNE. Bal, SENOMEREME—IRHEITR
SHER.

8 @ dh

F2023% %, AFLEERRTHEREENREET?

@
WE20235K, DARERERETHESEENRITAT,
69

Query for
situation details

R AN ERET 2024/ 25 EBitHIER?

®

202425 BitRIERRE2024F3ANANEERAERS & LRUER.

6A27BFTNEREERERARNAENEAHL?

@)

@
7202456278 TNEREEREF AN E, WEHNEEE:

1. EREERMARIHESIIAE.

2. AS AL REHR.
- ERESEREMARE.
o XEESETENEN2023/24EERRENUT SRR,
» IREREESEREEMARE.

3. BEEAETIIET A St RR .

4. TBRMETRS.

5. EREERASEARHBERS.

6. ZEBRITHAR.

0@ dh

Query for
meeting details
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What is the liquid nitrogen treatment of tumor bone recovery service?

@ HKSMENF ETdemo 133025

The liguid nitrogen treatment of tumor-bearing autograft recovery service, as described in
the context, involves a process for reconstructing bone defects in limb salvage surgery.
Here's an overview of the procedure:

1. Tumor Bone Recycling: The service utilizes recycled tumor-bearing bone that has been
treated with liquid nitrogen. This procedure was first launched at the Queen Mary Hospital
(QMH) in Hong Kong in October 2015.

2. Treatment Process:

The resected tumor bone segment, after all soft tissue has been removed, is soaked in
liquid nitrogen.

Following this, the bone is thawed at room temperature and then soaked in sterile water
to kill any remaining tumor cells.

The treated bone is then re-implanted back into the bone defect area of the patient.

3. Benefits: According to laboratory and clinical case reports, the risk of local recurrence in
the recycled tumor bone is extremely low, making it a viable option for patients requiring
limb salvage surgery.

4. Service Provision: As of the end of 2023, QMH has treated a total of 32 patients with this
service, which is unique in Hong Kong for both public and private healthcare settings.

5. Future Plans: GMH aims to explore service expansion and the introduction of new
generations of this treatment for improved patient care and service delivery.

This service is targeted specifically at patients needing limb-salvage surgery due to bone

defects, and it is noted that the demand for such services is relatively low, warranting a

centralized provision in the Hong Kong West Cluster.

[

JCH - |

English
situation
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Demo | Chatbot for I\/Ieetmg Q&A

F FastAGl X FastAGl X | FA FastAGI X FAa fastagi-« X drawiol X draw.io drawio X Release X Amazon X layout X

& O (R | O httpsy//fastagi-cloud.deepexi.com/chat/a884cd2e-edc7-456d-9567-4cee490ae3a3 Q mutE=R

° DemoSouth

®

S%

0 HKEWBYF_FERdemo
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. FERRN EHbHE 72024/254EE
HRIES?

2. RHRERESIRS RS TR
ERRIRR N2

3. MEEESIRSRRETE
A2

4, BR023FR, BZPEEEZT
s ESrRRaT?

5. 6B27BBGHNEREESESRS
SHAERE BRLL?

1. At which meeting was the draft
of the 2024/25 Annual Plan
approved?

2. At which meeting was the
proposal for liquid nitrogen
treatment of tumor bone recovery
service put forward?

A knowledgeAssistant_test

291G ~ = - , 16:47
L = 1 ; . g ( , P
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